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Abstract
A mechanistic model predicting the accumulation of tomato fruit sugars was developed in order (i) to dissect the
relative inﬂuence of three underlying processes: assimilate supply (S), metabolic transformation of sugars into other
compounds (M), and dilution by water uptake (D); and (ii) to estimate the genetic variability of S, M, and D. The latter
was estimated in a population of 20 introgression lines derived from the introgression of a wild tomato species
(Solanum chmielewskii) into S. lycopersicum, grown under two contrasted fruit load conditions. Low load
systematically decreased D in the whole population, while S and M were targets of genotype3fruit load interactions.
The sugar concentration positively correlated to S and D when the variation was due to genetic introgressions, while
it positively correlated to S and M when the variation was due to changes in fruit load. Co-localizations between
quantitative trait loci (QTLs) for sugar concentration and QTLs for S, M, and D allowed hypotheses to be proposed
on the processes putatively involved at the QTLs. Among the ﬁve QTLs for sugar concentration, four co-localized
with QTLs for S, M, and D with similar allele effects. Moreover, the processes underlying QTLs for sugar
accumulation changed according to the fruit load condition. Finally, for some genotypes, the processes underlying
sugar concentration compensated in such a way that they did not modify the sugar concentration. By uncoupling
genetic from physiological relationships between processes, these results provide new insights into further
understanding of tomato fruit sugar accumulation.
Key words: Assimilate supply, dilution, fruit load, fruit quality, genetic variation, metabolism, model, Solanum chmielewskii,
Solanum lycopersicum, sugar and starch accumulation.
Introduction
Tomato organoleptic quality is highly linked to the balance
between the concentrations of acids and sugars in the fruit
(Stevens et al., 1977; Bucheli et al., 1999). Sweetness
particularly depends on sugar concentration, which is
synthesized and accumulated during fruit growth. Fruit
growth follows a sigmoid curve, which can be subdivided
into three main steps (Ho and Hewitt, 1986). The ﬁrst
period is a division phase with an intense mitotic activity,
leading to an increase in cell number which determines the
potential size of the fruit (Ho, 1996a). The second phase
corresponds to cell enlargement. During this period, the
degradation of starch (considered to be a transient storage
form of sugars) into soluble sugars leads to a maximal
accumulation of sugars (essentially glucose and fructose),
acids, and parietal components accompanied by a high
water accumulation (Davies and Cocking, 1965; Dinar and
Stevens, 1981; Schaffer and Petreikov, 1997). Finally,
during the last slow growth period, intensive metabolic
changes occur concomitantly with fruit ripening, while
glucose and fructose continue to accumulate (Carrari et al.,
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ﬁnal sugar accumulation in the fruit. From a physiological
point of view, tomato sugar concentration is the conse-
quence of various linked physiological processes such as
carbon and water ﬂuxes entering the fruit (Guichard et al.,
2001), carbon metabolism for the synthesis of sugars and
starch, and the synthesis of other compounds such as
organic acids or cell wall constituents (Ho, 1996b). These
processes are inﬂuenced by environmental conditions,
linked either to climate (temperature, humidity, and irradi-
ance), to cultural practices, or to internal plant conditions
(such as the sink:source ratio). The present study takes place
in this context as little is currently known about the effect of
sink:source ratio variations on processes underlying tomato
fruit sugar concentration.
From a genetic point of view, many chromosome regions
carrying quantitative trait loci (QTLs) for sugar content
have been identiﬁed in various tomato populations carrying
fragments from wild species (Solanum habrochaites,
S. peruvianum, S. neoricki, S. pimpinellifolium, S. pennellii,
and S. lycopersicum cv cerasiforme) (Saliba-Colombani
et al., 2001; Causse et al., 2002, 2004; Fulton et al., 2002).
Moreover, the stability of QTLs involved in sugar concen-
tration partly depends on the environment considered as the
year of growing periods (Chaib et al., 2006). The impor-
tance of the environment in the stability of QTLs for sugar
concentration has also been reported in a QTL analysis
performed under two fruit load conditions, in which
Prudent et al. (2009) have identiﬁed chromosome regions
involved in the control of sugar content which are either
susceptible to or independent from changes in carbon
availability within the plant. If these studies allow the
suggestion of clues as to the instability of some chromo-
some regions towards environmental variations, the physio-
logical processes underlying QTLs for sugar concentration
which could be responsible for this susceptibility to the
environment remain to be elucidated.
During the last 10 years, approaches combining ecophys-
iological modelling and QTL analyses have been developed
to understand the key processes involved in the control of
complex traits. Such an approach has been applied to study
speciﬁc leaf area in barley (Yin et al., 1999), leaf elongation
in maize (Reymond et al., 2003), and fruit quality in peach
(Quilot et al., 2005). The method consists of simultaneously
studying the genotypic variation of a given complex trait,
and the genotypic variation of ecophysiological model
parameters linked to key processes involved in the de-
velopment of this trait. Then, co-localizations of QTLs for
the trait and QTLs for parameters give new insights into the
processes involved in the trait at the QTL level, and then
may help in the choice of candidate genes to characterize it,
or may give clues as to the regions to be combined in an
ideotype. This approach is particularly well adapted to the
study of interrelated processes linked to complex traits, and
appeared to be an essential tool in the context of sugar
accumulation in fruits. However, in tomato, current avail-
able ecophysiological models mainly concern fruit develop-
ment, with descriptions of cell division (Bertin et al., 2003),
DNA endoreduplication (Bertin et al., 2007), or fruit
growth (Bussieres, 2002; Liu et al., 2007), but none of these
models concerns the organoleptic quality of the tomato
fruit. It thus emerged that an ecophysiological model
describing sugar accumulation in tomato fruit is necessary
in order to make some advances in the understanding of the
physiological processes underlying sugar concentration.
In order to assess the key processes underlying sugar
concentration, an approach combining ecophysiological
modelling and QTL analysis was applied. For this purpose,
a ﬁrst model predicting tomato fruit sugar concentration
was adapted from a previous model built on peach fruit
(Quilot et al., 2004), allowing the dissection of three
interrelated elementary processes: the assimilate supply
provided to the fruit (hereafter referred to as S), the
metabolic transformation of sugars into other compounds
(hereafter referred to as M), and the dilution of sugars by
water uptake (hereafter referred to as D). Two sources of
variation were used to modulate the sugar concentration:
a genetic method, by working on a population of in-
trogression lines (ILs), and a physiological method, by
modifying the sink:source ratio leading to increased carbon
availability to the fruit. This approach allowed: (i) observa-
tion of, under contrasting conditions of carbon availability,
the intergenotypic relationships ﬁrst among elementary
processes and then between elementary processes and sugar
concentration; (ii) estimation of whether two different
sources of variation for sugar concentration (i.e. genotypic
and physiological) lead to similar changes in the underly-
ing processes; and (iii) identiﬁcation at each QTL for
sugar concentration those processes which were supposedly
involved.
Materials and methods
Model of sugar accumulation
The model was adapted from the one-parameter model of Quilot
et al. (2004), which is a simpliﬁed form of the SUGAR model for
peach (Ge ´nard and Souty, 1996) and predicts the sugar concentra-
tion in peach ﬂesh. The present model simulates, at a daily time
step, the total sugar concentration of tomato pericarp (including
soluble sugars and starch) during the last two developmental
phases: cell enlargement and ripening. The variation rate of carbon
in the form of sugars (Csug, in g fruit pericarp
 1) is expressed as:
dCsug
dt
¼ cDW:
dDW
dt
  kðtÞ Csug ð1Þ
where t [in days after anthesis (daa)] is the time, cDW is the carbon
concentration of dry pericarp [cDW¼0.44 gC gDW
 1; Ge ´nard and
Souty (1996)], dDW/dt (in gC d
 1) is the growth rate of pericarp
dry weight, and k(t) (in d
 1) is a function of time reﬂecting the rate
of consumption of sugars contained in tomato pericarp for
synthesis of other compounds. Changes in the model were added
for the variable k, which depends on the relative growth rate
(Ge ´nard et al., 2003):
kðtÞ¼k0:
 
dDW
dt
:
1
DWðtÞ
 e
ð2Þ
where k0 (in d
 1) is a genotype-dependent parameter, reﬂecting the
value of k when the relative growth rate is equal to 1, while e is
908 | Prudent et al.a dimensionless parameter assumed to be constant whatever the
genotype and the fruit load condition, which was estimated and set
to 1.36.
As the total sugar concentration relative to pericarp fresh weight
SUG (in gC. 100gFW
 1) is calculated as:
SUG ¼
100:Csug
csug:FW
ð3Þ
where FW (in g) is the pericarp fresh weight, and csug (in gC g
 1)i s
the carbon concentration in sugars (csug ¼0.42 gC g
 1), a calcula-
tion of the variation rate of carbon in the form of sugars was
obtained from Equations 2 and 3:
dSUG
dt
¼
100
csug
 
cDW
FW
dDW
dt
 
kðtÞ:Csug
FW
 
Csug
FW2
dFW
dt
 
ð4Þ
At time s corresponding to fruit maturity, the sugar concentra-
tion SUG relative to pericarp fresh weight is then calculated by
integrating Equation 4:
SUGðsÞ SUGðt0Þ¼S   M   D ð5Þ
where S is the sugar import to the fruit, expressed as
S ¼
R s
t0
100
csug
cDW
FW
 
dDW
dt
 
:dt (in g 100gFW
 1), M is the metabolic
transformation of sugars into others compounds, expressed as
M ¼
R s
t0kðtÞ:SUGðtÞ:dt (in g 100gFW
 1), D is the dilution
of sugars by water uptake expressed as D ¼
R s
t0
SUGðtÞ
FWðtÞ
 
dFW
dt
 
:dt (in
g 100gFW
 1), and t0 is the time when the ﬁrst sugar data were
recorded (at 21 daa).
At maturity, the starch concentration of tomato fruit is
negligible (Robinson et al., 1988). Sugar concentration is thus
assimilated into the concentration of soluble sugars (glucose,
fructose, and sucrose).
Plant material
The study was performed using the S. lycopersicum line ‘Money-
berg’ and 20 ILs carrying single or multiple introgressions of the
S. chmielewskii LA1840 in the background of Moneyberg. The
locations of the introgressions for the 20 ILs as well as the
description of the QTLs they harbour have been previously
detailed in Prudent et al. (2009).
Growth conditions, experimental treatment, and sampling
Experiments were conducted over 2 years in 3.6 plants m
 2 density
greenhouses in Avignon (Southern France). Seeds were sown at the
end of February; 400 plants were grown at day–night temperature
set points of 24/16  C during spring 2006 (March–July) and 25/
15  C during spring 2007 (March–July). Plants were randomly
distributed in two blocks, each containing 200 plants and facing
North and South, respectively. Plant nutrition and chemical pest
and disease control followed commercial practices. Starting from
anthesis of the ﬁrst truss, ﬂowers were pollinated with an electrical
shaker every 2–3 d.
Two fruit loads were applied: a high fruit load (HL) with
competition for assimilates among fruits, and a low fruit load (LL)
in order to place all fruits in non-limiting growth conditions. On
12 plants per genotype, all trusses were pruned to one fruit (LL)
while on seven other plants trusses were not pruned (HL). Under
HL conditions, the average number of fruits per truss within the
population was 5.3. On each inﬂorescence of the LL plants, all the
ﬂowers except the second one were removed just after fruit set. All
the plants were stopped two leaves above the ninth truss.
In both years, six fruits per genotype and per fruit load were
randomly harvested between the fourth and the ninth truss of the
plants, at proximal positions: ﬂowers 2, 3, or 4 under HL and only
ﬂower 2 under LL at the red ripe stage. For three contrasting
genotypes (Moneyberg, C9d, and C12d), under both fruit loads,
and only in 2007, six fruits were also harvested at four other
developmental stages: 21, 28, 35, and 42 daa.
Fruit and sugar measurements
Each fruit harvested was weighed, seeds were removed, and
pericarp was weighed (FW) and ground in liquid nitrogen before
lyophilization and storage at –20  C. Pericarp dry weight (DW)
and dry matter concentration (DMC) were then measured. Sugars
and starch were extracted from the powders with a methanol–
chloroform mix (Gomez et al., 2002), and quantiﬁed by enzymatic
assay in 96-well microplates (Gomez et al., 2007).
Model inputs
On genotypes Moneyberg, C9d, and C12d for which growth data
were measured in kinetics, FW and DW were ﬁtted to three-
parameter Gompertz curves, separately under each fruit load
(Fig. 1). For the other 18 genotypes and under each fruit load
condition, FW and DW data were recorded only at maturity.
Their FW and DW growth curves were thus reconstituted using
the Gompertz parameters estimated on Moneyberg, C9d, and
C12d, assuming that two out of the three Gompertz parameters do
not vary with genotypes (Supplementary Appendix 1 available at
JXB online). On the basis of the calculated values of FW and DW
from the ﬁtted Gompertz equation, it was then possible to assess
the values of S, M, and D indirectly, according to Equation 5 for
each genotype, and under each fruit load condition.
Statistical analysis
Parameters estimation was carried out using the ‘lsqnonlin’
function of Matlab-version 7.3.0.267 (http://www.mathworks
.com/). The goodness of ﬁt of the model was evaluated through
the relative root mean square error (RRMSE) (Kobayashi and
Salam, 2000), which is a common criterion to quantify the mean
difference between simulation and measurement:
RRMSE ¼
1
y
ﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
1
N
+
N
i¼1
ðyi   ˆ yiÞ
2
s
ð6Þ
where yi is the observed value, ˆ yi is the corresponding predicted
value, N is the number of observed data, and  y is the mean of all
measured values. The smaller the value of RRMSE, the better the
goodness of ﬁt. The RRMSE value of the model is presented in
Fig. 2.
QTL analysis was performed either under each fruit load
condition for fruit load-dependent variables (S, M, or D) or by
pooling fruits grown under HL and LL for parameter k0, which is
a genetic parameter, common to both fruit loads. QTL detection in
a population of ILs relies on comparing each IL with the parent
conferring the genetic background (Moneyberg).
For this purpose, the bootstrap method was performed consid-
ering 200 successive random drawings from the original data set,
and permitted to re-estimate S, M, D, and k0. It consisted of
‘resampling’ from the original sample with replacement, with the
same size as the original.
Then, in order to compare S, M, D, and k0 from each genotype
with Moneyberg, the variable z was calculated:
zi ¼
    yi;b 
    yi;b    yi;dj
     
    yM;b  j yM;b    yM;dj
   
ﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
r2
i;bþr2
M;b
n
q ð7Þ
where  yi;b and  yM;b are the means of the 200 variable y (S,M, D,
or k0) estimations calculated from bootstrap drawings for
genotype i and Moneyberg, respectively;  yi;d and  yM;d are the
estimations of the same variable y calculated from the observed
data set for genotype i and Moneyberg, respectively; r2
i;b and
r2
M;b are the variance of the 200 variable y estimations calculated
from bootstrap drawings for genotype i and Moneyberg,
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case n¼200). Then, a Z-test was applied as z followed the
reduced centred normal law (Sprinthall, 2002): for each geno-
type i,| zi| was compared with the threshold z value correspond-
ing to a 99% signiﬁcance level (zth¼2.58). If |zi|>zth,g e n o t y p ei
was signiﬁcantly different from Moneyberg, meaning that it
carried a QTL.
The genotypic effect (DG) was presented as a percentage of
difference from Moneyberg:
ðD GÞ¼
 yi;b    yM;b
 yM;b
3100 ð8Þ
To evaluate fruit load effect, the same Z-test as the one used for
QTL analysis was performed: for each genotype, the mean of the
variable being calculated under HL was compared with the mean
of the variable under LL. For each trait, the percentage of fruit
load variation (DFL) from HL to LL was calculated following:
ðDFLÞ¼
 yLL    yHL
 yHL
3100 ð9Þ
where  yHL and  yLL are the general means of the variable y under
HL and LL, respectively.
Estimation of sugar content from QTLs
For each genotype carrying a single introgression, an estimation of
sugar content was obtained from QTLs for sugar content. When
the genotype i carried a QTL for variable y (SUG), the estimated
value of variable y was equal to its observed value in genotype
i: yi, pred¼yi, obs. When the genotype i did not carry any QTL
for variable y, then the estimated value of variable y was
equal to the observed value of variable y in Moneyberg:
yi, pred¼yMoneyberg, obs.
Then, estimations of SUG components were obtained from
QTLs for S, M, and D, with the same method as for sugar content.
It was thus possible to calculate for each genotype the estimated
sugar content from QTLs for S, M, and D, by replacing the
predicted values of S, M, and D in Equation 5.
Identiﬁcation of candidate genes
Some gene families annotated as corresponding to aquaporins,
glucose, sucrose, or sugar transporters in the Sol Genomics
Fig. 1. Measured (points) and simulated (lines) fresh and dry weights according to the Gompertz equation ﬁtting for genotypes
Moneyberg, C9d, and C12d. Data are means 6SD (n¼6). Filled triangles and solid lines indicate high load (HL) conditions, while shaded
circles and dashed lines indicate low load (LL) conditions.
Fig. 2. Predicted versus observed sugar concentration relative to
pericarp fresh weight (SUG). Each point represents the mean of
the observed/predicted values of a genotype under a given fruit
load (21 genotypes32 fruit loads¼42 points). Filled triangles
indicate high load (HL) conditions, while shaded circles indicate
low load (LL) conditions. The dotted line indicates the bisecting
line. The value of global RRMSE is given.
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analysis. These gene families were selected as they are complete
with respect to the study of Bermudez et al. (2008) concerning
candidate genes related to metabolism. These gene families were
built in 2007 with SGN unigene builds (version Tomato 200607
#1) and the Arabidopsis proteome (version 2004) with three values
of stringency in grouping genes together (http://solgenomics.net).
Among these gene families, 94 tomato unigenes were identiﬁed as
gene candidates that could be involved in the QTLs detected in the
present study. To assess co-localization between these tomato
unigenes and QTLs for S, M, and D, the 2.10 version of the
tomato genome assembly delivered by the International Tomato
Genome Sequencing Consortium (Mueller et al., 2009) which is
distributed on the Sol Genomics Network web site was used. This
version includes the ﬁrst release of tomato chromosome pseudo-
molecule sequences assembled from 3433 scaffolds placed and
oriented using multiple physical maps. Homologies between both
the set of unigenes and the 13 pairs of markers ﬂanking QTLs on
chromosomes 1, 3, 4, 6, 7, 8, 9, 10, and 12 were searched with the
NCBI blastn program (version 2.2.19-blastall-p blastn) (Altschul
et al., 1997). All high-scoring segment pairs selected with an
e-value <10
 25 were sorted according to marker positions to verify
consistency with positions on pseudochromosomes. Thus all
unigenes and all markers were localized with high conﬁdence on
the pseudochromosomes. The co-localization between candidate
genes and QTLs for S, M, and D are presented in Supplementary
Table S1 at JXB online.
Results
The model allowed the estimation of metabolism
intensity
The generic one-parameter model of Quilot et al. (2004),
originally built for peach fruit, was adapted to tomato fruit
in order to predict its sugar concentration at maturity.
Comparisons between observed and simulated sugar con-
centration data are shown in Fig. 2. This model allowed (i)
the dissection of sugar accumulation into three physiologi-
cal processes: the assimilate supply to the fruit (S), the
metabolic transformation of sugars into other compounds
(M), and the dilution of sugars by water uptake (D); and (ii)
the estimation of a genetic parameter k0 relating the rate of
sugar depletion to the relative growth rate in dry mass
(Equation 2). Two different sources of variation were used
to modulate the sugar concentration in tomato fruit. The
ﬁrst source of variation was genetic via the use of
a population consisting of 20 ILs, and the line conferring
the genetic background. The second source of variation was
physiological via the modulation of the carbon availability
to the fruit by pruning trusses to a single fruit.
The metabolic transformation of sugars into other com-
pounds (M) depends on the rate (k) of consumption of
sugars for their transformation, the latter decreasing during
fruit development for all genotypes (Fig. 3A). However,
during the ﬁrst days of cell expansion (at ;21 daa), the rate
of consumption of sugars for their transformation was
signiﬁcantly higher under high carbon availability (LL
conditions) than under low carbon availability (HL con-
ditions), while the opposite occurred during fruit matura-
tion (at ;50 daa) (Fig. 3B).
Low fruit load conditions, in interaction with the
genotype, modulated tomato fruit sugar concentration,
the underlying processes, and their relationships
For each genotype, the signiﬁcance of the fruit load effect
was tested at the red ripe stage fruit for pericarp sugar
concentration (SUG), the assimilate supply (S), the metabolic
transformation of sugars (M), and the dilution of sugars by
water uptake (D). Genotypes were then grouped into ﬁve
groups according to their responses to the fruit load change
(Table 1). Decreasing fruit load resulted in signiﬁcantly
increased sugar concentration for most of the genotypes (15
out of 21) and in a systematic decreased dilution effect (D).
The percentage of variation due to fruit load (DFL,
Equation 9) was the highest for the dilution effect, as its
mean (calculated on the 21 genotypes) was ;3-fold higher
than those of S and M. Indeed, low load conditions did
not signiﬁcantly affect either the assimilate supply (S),
except for seven genotypes belonging to groups 1, 2, and 4
for which S increased, or the metabolic transformation of
sugars into other compounds (M), except for six genotypes
belonging to groups 1 and 4, for which M increased.
Relationships and correlations between the three varia-
bles estimated by the model (S, M, and D) were studied
separately under the two fruit load conditions (Fig. 4A–C).
Assimilate supply was signiﬁcantly positively correlated to
dilution of sugars by water uptake and to metabolic
transformation of sugars regardless of the fruit load.
Fig. 3. Effect of fruit load on k values, reﬂecting the rate of
consumption of sugars for the synthesis of other compounds.
(A) k values (in d
 1) calculated from Equation 2 plotted against time
(in days). Each line refers to a genotype grown under high load
(HL) conditions (black) or low load (LL) conditions (grey). (B) At
three fruit developmental stages (21, 35, and 50 daa), the mean
and SD of k values under HL and LL were calculated, and the
effect of the fruit load was tested using a Student’s test.
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[DG (S, M, D)] and fruit load [DFL (S, M, D)] effects
(Fig. 4D, E, G, H). On the other hand, a signiﬁcant cor-
relation between metabolic transformation of sugars and
their dilution by water uptake was only observed for the fruit
load effect (Fig. 4C,F ,I ) .
Relationships and correlations linking sugar concentra-
tion (SUG) to variables estimated by the model (S, M, D)
and the model parameter (k0) were drawn (Fig. 5). Tomato
sugar concentration was highly positively correlated to
assimilate supply, whatever its source of variation (genetic
or physiological). On the other hand, the sugar concentra-
tion was positively correlated to the metabolic transforma-
tion of sugars only if these two variables were expressed as
a percentage of variation due to the fruit load change (DFL).
The opposite occurred for the correlation between the sugar
concentration and the dilution of sugars by water uptake,
which was signiﬁcantly positive when variables were not
expressed as a percentage of variation due to the fruit load
change. Finally, intergenotypic relationships between the
sugar concentration and the rate oftransformation of sugars
into other compounds (k0) were fruit load dependent as
a signiﬁcant negative correlation between them was found
only under HL conditions.
QTL detection
QTLs were detected (i) for the model parameter k0 reﬂecting
the rate of consumption of sugars for their transformation,
independently from fruit load; and (ii) for each variable
estimated by the model (S, M, D), separately under each
fruit load condition (Table 2). Positive or negative QTLs
corresponded to a region where the alleles of S. chmielewskii
increased or decreased the trait, respectively, compared with
Moneyberg. Fourteen QTLs were detected for k0, almost all
with positive allele effects (except one negative on C3a) and
with DG effects (Equation 8) comprised between 9% (on
C3a) and 51% (on C11b) compared with Moneyberg.
Eleven QTLs were identiﬁed for sugar supply (S); among
them, eight were positive, with half carrying similar allele
effects under HL and LL conditions, and three were
negative, with only one carrying similar effects under both
fruit loads. Their DG effects were consistently lower than the
effects detected for QTLs for k0, and the highest value was
carried by C4d (;20%). Fifteen QTLs were identiﬁed for
the metabolic transformation of sugars into other com-
pounds (M): among them, 12 were positive and nine were
common to both fruit loads. Their DG effects ranged from
9% (on C4c) to 26% (on C8a). Then, 12 QTLs were
identiﬁed for the dilution of sugars by water uptake D,
mostly with negative effects, except on C4d, C9d, and C3c,
and seven carried similar effects under both fruit loads.
Their DG effects were of the same order of magnitude as for
sugar supply, with the highest value carried by C4d (22%).
QTL co-localizations
Based on QTL detection, it was possible to study the 14
genotypes carrying a single introgressed fragment for co-
localizations among QTLs for variables estimated by the
model (S, M, D), the model parameter k0, and QTLs for
sugar concentration (Fig. 6). Some links already emphasized
in Fig. 5 were conﬁrmed at the genetic level as co-
localizations between QTLs for sugar supply and for
metabolic transformation of sugars (on C3d, C4c, C4d,
C8a, C9d, C10b, and C12d); also co-localizations between
QTLs for sugar supply and for sugar dilution (on C4d, C9d,
C10b, and C12d) systematically carried similar allele effects.
Among the ﬁve QTLs for sugar concentration detected
within genotypes carrying a single introgression, four of them
(on C4d, C9d, C10b, and C12d) also co-localized with QTLs
for sugar supply, for metabolic transformation of sugars, and
for sugar dilution, with similar allele effects, and the last one
(on C3a) co-localized with a QTL for the rate of consump-
tion of sugars for their transformation, with a negative allele
effect. However, these co-localizations were mostly depen-
dent on the fruit load (on C3a, C9d, C10b, and C12d),
Table 1. Effect of fruit load on sugar concentration relative to
pericarp fresh weight (SUG), assimilate supply (S), metabolic
transformation of sugars into other compounds (M), and dilution
attributable to water uptake (D)
Genotypes were ordered into ﬁve groups according to their
responses to the fruit load modiﬁcation. Arrows showed the group
trend by indicating if the variable signiﬁcantly increased ([),
decreased (Y), or remained stable (–) at the 0.05 probability level
from high load (HL) to low load (LL) conditions. When fruit load effect
was signiﬁcant, the percentage variation (DFL) from HL to LL was
calculated (Equation 9). For each variable, the mean DFL calculated
on the 21 genotypes is indicated at the end of the table.
Group Genotype SUG S M D
DFL DFL DFL DFL
1 """ #
C10b 41 12 10 –16
C4c 15 12 10 –13
C5b 17 15 13 –12
C8a 28 12 10 –14
C8e 23 13 11 –13
2 "" – "
C1a 22 11 NS –14
3 " ––#
C11b 30 NS NS –25
C3c 11 NS NS –21
C6e 11 NS NS –19
C7b 21 NS NS –18
C8c 20 NS NS –19
C9a 15 NS NS –17
C9c 21 NS NS –15
C9d 11 NS NS –23
Moneyberg 16 NS NS –18
4– ""#
C7a NS 12 9 –14
5– – – #
C3a NS NS NS –24
C3d NS NS S –19
C4d NS NS NS –15
C7d NS NS NS –19
C12d NS NS NS –25
Mean 16 7 5 –18
912 | Prudent et al.indicating that depending on the carbon availability to the
fruit, the physiological processes underlying QTLs for sugar
concentration changed. For example, for genotype C9d, the
QTL for sugar concentration could be related to a higher
value of sugar supply under LL while it could be related to
a combination of higher values of sugar supply, of metabolic
transformation of sugars, and of sugar dilution by water
uptake under HL.
In some chromosome regions, co-localizations among
QTLs for the variables estimated by the model were not
associated with QTLs for sugar concentration. This in-
dicated that in these regions, the physiological processes
Fig. 4. Relationships between the three variables estimated by the model (sugar supply, S; metabolic transformation of sugars, M;
dilution of sugars, D) (A–C), between their genotypic effects (DG, Equation 8) (D–F), and between their fruit load effects (DFL, Equation 9)
(G–I). In A–C, each point corresponds to a genotype under high load (HL: ﬁlled triangles) and under low load (LL: shaded circles)
conditions. In D–I, each point corresponds to a genotype under both fruit loads (shaded diamonds). Pearson correlations among
variables were calculated either separately under each fruit load condition or under both fruit loads, and the correlation (r) is shown in the
left corner of each graph. Asterisks indicate that correlations are signiﬁcant at the 0.05 probability level.
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that they did not modify the sugar concentration. For
instance, for genotype C3d, QTLs for assimilate supply and
sugar metabolic transformation were detected with positive
allele effects, but the absence of a QTL for sugar
concentration in this segment revealed that a higher assim-
ilate supply was compensated for by a higher transforma-
tion of sugars into other compounds.
In silico analyses of four gene families (aquaporins,
glucose transporters, sucrose transporters, and sugar trans-
porters) allowed the identiﬁcation of candidate genes which
co-localized with QTLs for variables estimated by the model
(S and D) (Supplementary Table S1 at JXB online). Over
the seven QTLs detected for sugar dilution by water uptake,
ﬁve co-localized with unigenes coding for aquaporins and,
among the seven QTLs detected for sugar supply, three co-
localized with unigenes coding for sugar transporters.
Estimation of sugar content from identiﬁed QTLs
In order to assess if sugar content was better predicted by
QTLs for its components (S, M, D) than predicted by QTLs
for itself, the two methods were compared (Fig. 7). The
prediction by QTLs identiﬁed for sugar content itself had an
RRMSE lower than the prediction by QTLs identiﬁed for S,
M, and D (RRMSE¼0.07 and 0.17, respectively).
Discussion
The model approach allows dissection of sugar
concentration into interrelated elementary processes
A modelling approach has been proposed to identify the
processes involved in tomato fruit sugar concentration in
a large set of genotypes without resorting to expensive and
Fig. 5. Relationships between sugar concentration (SUG) and the three variables estimated by the model (sugar supply, S; metabolic
transformation of sugars, M; dilution of sugars, D) and the model genetic parameter k0 (reﬂecting the rate of consumption of sugars for
the synthesis of other compounds). These variables were expressed either as their estimated/measured values (A–D), as a percentage of
variation due to the introgression (DG, Equation 8) (E–H), or as a percentage of variation due to the fruit load (DFL, Equation 9) (I–K). Each
point corresponds to a genotype under high load (HL: ﬁlled triangles) and under low load (LL: shaded circles) conditions, or under both
fruit loads (shaded diamonds). Pearson correlations among variables were calculated either separately under each fruit load condition or
under both fruit loads, and the correlation (r) is shown in the left corner of each graph.
914 | Prudent et al.time-consuming methods. As this trait is inﬂuenced by
carbon and water ﬂuxes entering the fruit, and by the
proportion of metabolic transformation of carbon into
sugars, acids, and structural components occurring in the
cells (Ho, 1996b; Guichard et al., 2001), the present model
allowed the assessment of the effects of three key physiolog-
ical processes involved in sugar accumulation: sugar supply
(S), metabolic transformation of sugars into other com-
pounds (M), and dilution of sugars attributable to change
in fruit volume by water uptake (D). In contrast to peach
fruit, for which sugar supply and dilution of the sugars are
the most active processes (Quilot et al., 2004), in tomato
fruit all three processes were of the same order of
magnitude (Figs 4, 5).
Relationships between the different processes dissected by
the model were emphasized, such as the positive correlation
between the sugar supply to the fruit and sugar dilution by
water uptake (Fig. 4A, D, G). This relationship has already
been tackled by the use of a tomato fruit growth model:
when a virtual carbon stress is applied (by a decrease in the
phloem carbon concentration), then water inﬂuxes from
xylem and phloem decrease (Liu et al., 2007), thus leading
to a reduction of carbohydrate dilution by water uptake. In
this study, this relationship was also conﬁrmed at the
genetic level by co-localizations of QTLs for assimilate
supply and sugar dilution with similar allele effects.
Fruit load change affects assimilate supply, metabolic
transformation, and sugar dilution in interaction with the
genotype
In order to allow the fruit to reach its growth potential,
a modiﬁcation of competition for assimilates among fruits
was applied by modulating fruit load (Ho, 1996b; Tanksley,
2004). As fruit load directly inﬂuences fruit growth (Bertin,
2005; Baldet et al., 2006), this treatment was directly taken
into account in the model through model inputs (pericarp
fresh and dry weights). In grape berries, variations in sugar
concentration due to a fruit load modiﬁcation are mainly due
to the variation of the assimilate supply (Dai et al., 2009).
In tomato, dilution was the process which was the most
affected by fruit load, as it signiﬁcantly increased with fruit
load for all genotypes and by up to 20–25% in ﬁve genotypes
(Table 1). It was expected that low fruit load led on one hand
to an increase in assimilate supply as it increases phloem
ﬂuxes (Guichard et al., 2005) and on the other hand to an
increase in metabolic transformation as, under high carbon
availability conditions, protein and amino acid concentrations
are increased (Baldet et al., 2002). Even if it was the case for
seven and six genotypes, respectively, it appeared that for the
majority of them, including Moneyberg, assimilate supply and
metabolic transformation were not susceptible to the fruit
load change, indicating the occurrence of interactions between
Table 2. QTL detection for S, M and D under each fruit load condition (HL. high load condition; LL, low load condition), and for k0 under
both fruit loads
Genotypes are ordered according to the introgressions they carried (single or multiple) and chromosomes carrying introgressions are indicated
for each genotype. QTL effects for sugar concentration (SUG) previously found (Prudent et al., 2009) were added. NS indicates that the QTL
was not signiﬁcant at the 0.05 probability level. The effect of the QTL (DG) is expressed as a percentage of the difference from Moneyberg
(Equation 8).
Genotype Chromosome QTL effect
for SUG
QTL effect
for k0
QTL effect
for S
QTL effect
for M
QTL effect
for D
HL LL HL and LL HL LL HL LL HL LL
Genotypes carrying a single introgression
C 1 a 1 N S N S 1 8N S 1 2 1 82 2 N S N S
C 3 a 3 2 0 N S– 9 N S N SN S N SN S N S
C3d 3 NS NS NS 10 8 13 10 NS NS
C 4 c 4 N S N SN S – 6 N S – 9 N SN S N S
C 4 d 4 3 51 9 N S 1 82 1 1 41 7 1 82 2
C 6 e 6 N SN S 2 1 N SN S 1 2 1 1 – 7 – 8
C 7 a 7 N S N S1 7 N S N SN S N S– 1 0 – 6
C 7 b 7 N S N SN S N S N SN S N SN S N S
C 7 d 7 N SN S 1 5 N SN S 1 3 1 3 N SN S
C 8 a 8 N SN S 2 3 N S1 3 2 0 2 6 N SN S
C 8 c 8 N SN S 1 9 N SN S N SN S – 9 – 1 0
C9d 9 20 14 NS 11 6 11 NS 12 NS
C10b 10 –19 NS 12 –16 –11 –11 NS –17 –14
C12d 12 NS –15 NS NS –10 NS –11 NS –8
Genotypes carrying multiple introgressions
C3c 2;3 21 NS 10 10 8 15 12 8 NS
C5b 4;5;7;11 NS NS 26 NS 8 13 22 –11 NS
C8e 3;8 NS NS 11 NS 7 NS 13 NS NS
C9a 7;9;11 NS NS 19 NS NS NS 9 –9 –9
C9c 1;7;9;11 NS NS 14 NS NS NS NS –9 NS
C11b 11;12 NS NS 51 NS NS 24 18 –13 –20
Processes leading to sugar accumulation in tomato fruit | 915fruit load and genotype at the ecophysiological process level,
conﬁrming what has already been observed at the molecular
level (Prudent et al., 2010). Moreover, analysis of relation-
ships among the three trait components (Fig. 4) revealed that
correlations were higher when the source of variation was
related to the fruit load effect than when the source of
variation was related to a genetic effect. This observation can
be explained by the fact that the fruit load effect only
modiﬁed fruit growth, while the genotypic effect not only
modiﬁed fruit growth, but also the genetic parameter k0 which
makes the metabolic transformation of sugars (M) vary.
Relationships between fruit sugar concentration and the
underlying processes depend on their source of
variation
The three main processes taken into account in the model
were not linked in a similar way to the ﬁnal sugar
concentration, but depended on their source of variation.
When the sugar concentration variation was due to a change
in fruit load, then the sugar concentration positively
correlated to assimilate supply and metabolic transforma-
tion of sugars. On the other hand, when applying a variation
of sugar concentration via genetic introgression, the sugar
concentration was still positively correlated to assimilate
supply but also to sugar dilution. The relationships
observed with a genetic variation were in accordance with
previous molecular studies. One of them shows that the
rapid hexose accumulation in developing tomato fruit is
explained more by the expression level of a gene coding for
a hexose transporter than by sugar metabolism (Dibley
et al., 2005). Another study highlights that inhibiting
a TRAMP aquaporin leads to a decrease in sugar concen-
tration and an increase in organic acid content (Chen et al.,
2001). Moreover, in this sense, enzymatic studies demon-
strate that high fruit sugar concentrations depend on sugar
Fig. 6. Genetic map of QTLs for model parameters detected on genotypes carrying a single introgressed fragment. QTLs previously
detected in Prudent et al. (2009) are indicated: they concerned sugar concentration relative to pericarp fresh weight (SUG). QTLs for
sugar supply (S), for metabolic transformation of sugars into other compounds (M), for dilution of sugars by water uptake (D), and for the
rate of consumption of sugars for synthesis of other compounds (k0) were added. QTLs only detected under high fruit load (HL) are on
the left of the chromosome; QTLs only detected under low fruit load (LL) are on the right of the chromosome; QTLs detected whatever
the fruit load are at the middle of the chromosome. (–) and (+) indicate if the S. chmielewskii alleles had negative or positive effects on the
trait, respectively.
916 | Prudent et al.import rather than on sucrose metabolism (Balibrea et al.,
2006). This suggests that, in the context of a tomato
breeding programme for enhanced sugar concentration,
many efforts should be made to understand the mechanisms
leading to sugar import and dilution process.
Physiological processes underlying QTLs for sugar
concentration
Co-localizations between QTLs for sugar concentration and
QTLs for each of the three processes deﬁned in the model
were identiﬁed under the two fruit load conditions (Fig. 6).
All the QTLs for sugar content co-localized with QTLs for
trait components, giving clues as to which physiological
processes could be involved in sugar content at each QTL.
There were also a lot of QTLs for trait components which
did not co-localize with QTLs for sugar content, indicating
that for some genotypes, different processes can compen-
sate. This situation has already been described for another
complex trait (yield) in barley (Yin et al., 2002) and, even if
more QTLs have been detected for component traits than
for grain yield, a poorer performance of the estimation of
yield variation based on component trait QTLs has been
observed (Yin et al., 2002). In the present case, the same
conclusions could be drawn, as the sugar concentration was
better estimated from sugar concentration-based QTL
analysis than from component trait QTL analysis. It could
be explained both by the accumulation of errors in model
parameterization for calculating component traits S, M, and
D, and by the fact that the model did not account fully for
the variation of SUG (Fig. 2). In order to improve the
prediction of sugar concentration based on component trait
QTL analysis, ﬁrst the model should be tested using data
independent from those for model parameterization, and,
secondly, a model whose input components can be easily
measured directly from an experiment could be developed.
Co-localizations between QTLs for sugar content and
QTLs for its trait components could also facilitate bridging
the gap between QTLs and genes by helping to choose
candidate genes (Quarrie et al., 2006). For example, albeit
that a decrease in the conﬁdence intervals of the QTLs is
necessary, a path could be explored on genotype C4d as the
QTLs for sugar concentration and for metabolic trans-
formation of sugars into other compounds were identiﬁed,
while in this same chromosome region the gene HXK4
coding for a hexokinase [an enzyme that phosphorylates
hexoses (Kandel-Kﬁr et al., 2006)], as well as a gene coding
for a pectinesterase [an enzyme involved in cell wall
modiﬁcations (Bermudez et al., 2008)] have both been
mapped. In other regions carrying co-localizations between
QTLs for sugar concentration and QTLs for metabolic
transformation, a coupling with metabolome analyses could
be relevant in order to target the processes to be precisely
dissected. On the other hand, in some regions, no QTL for
M was identiﬁed, while genes involved in metabolism have
already been mapped in previous studies. For instance, this
is the case for the chromosome region carried by genotype
C7a where a gene coding for a xyloglucan endotransglyco-
sylase (an enzyme involved in cell wall modiﬁcations) is
located (Bermudez et al., 2008). This could be explained by
compensatory effects of different genes located in this
region, which could mask the effect of a single gene
(Supplementary Table S1 at JXB online). Most of the QTLs
detected for the dilution of sugar by water uptake co-
localized with some members of the aquaporin gene family,
indicating that these genes play a key role in the sugar
content, as they modulate the water availability to the fruit
and consequently the sugar dilution (Supplementary Table S1).
Similarly, as expected, several genes coding for hexose trans-
porters were located in chromosome regions carrying QTLs
for assimilate supply, giving clues about candidate genes
which could be studied in order to enhance tomato fruit sugar
concentration.
Conclusion
Using a model-based approach followed by genetic analy-
ses, it was possible to dissect physiological processes
Fig. 7. Comparison between observed values of sugar concentration (SUG) and (A) those predicted from QTLs identiﬁed for SUG and
(B) those predicted from QTLs for SUG component traits (supply, S; metabolism, M; and dilution, D). The dotted line indicates the
bisecting line. The value of global RRMSE is given. Each point represents the mean of the observed/predicted values of a genotype
under a given fruit load (20 introgression lines32 fruit loads¼40 points). Filled triangles indicate high load (HL) conditions, and shaded
circles indicate low load (LL) conditions.
Processes leading to sugar accumulation in tomato fruit | 917underlying QTLs for fruit sugar concentration such as the
assimilate supply, the transformation of sugars into other
compounds, and their dilution by water uptake. This work
allowed uncoupling of genetic from physiological relation-
ships among processes, as most of them acted in a fruit
load-dependent manner and displayed compensatory
effects. It is a ﬁrst step in the construction of ideotypes for
a sugar-enhanced tomato breeding programme, as it
suggests a simulation model for the analysis of a genetic
parameter. The next step will be to ﬁnd the best associations
between this parameter and other variables linked to fruit
growth, for instance by coupling the sugar accumulation
model with a fruit growth model.
Supplementary data
Supplementary data are available at JXB online.
Table S1. List of candidate genes for each introgression
carrying a QTL for component traits (S, M, and D).
Supplementary Appendix 1. Reconstitution of tomato
fruit growth curves in dry weight and fresh weight of the 18
ILs different from Moneyberg, C9d, and C12d.
Acknowledgements
We thank Emilie Rubio, Patricia Robert, and Doriane
Bancel for their assistance in sugar measurements, and
Rachid Senoussi (Department of Biometry, INRA Avignon,
France) for his advice on statistical analyses. Keygene, The
Netherlands is acknowledged for providing seeds of the
tomato population. We also thank Rachel Backer for
English revision. This work was funded by the European
EU-SOL Project PL 016214-2 and MP was supported by
a grant from INRA and Re ´gion Provence Alpes Co ˆte
d’Azur (France).
References
Altschul SF, Madden TL, Schaffer AA, Zhang JH, Zhang Z,
Miller W, Lipman DJ. 1997. Gapped BLAST and PSI-BLAST: a new
generation of protein database search programs. Nucleic Acids
Research 25, 3389–3402.
Baldet P, Devaux C, Chevalier C, Brouquisse R, Just D,
Raymond P. 2002. Contrasted responses to carbohydrate limitation
in tomato fruit at two stages of development. Plant, Cell and
Environment 25, 1639–1649.
Baldet P, Hernould M, Laporte F, Mounet F, Just D, Mouras A,
Chevalier C, Rothan C. 2006. The expression of cell proliferation-
related genes in early developing ﬂowers is affected by a fruit load
reduction in tomato plants. Journal of Experimental Botany
57, 961–970.
Balibrea ME, Martinez-Andujar C, Cuartero J, Bolarin MC,
Perez-Alfocea F. 2006. The high fruit soluble sugar content in wild
Lycopersicon species and their hybrids with cultivars depends on
sucrose import during ripening rather than on sucrose metabolism.
Functional Plant Biology 33, 279–288.
Bermudez L, Urias U, Milstein D, Kamenetzky L, Asis R,
Fernie AR, Van Sluys MA, Carrari F, Rossi M. 2008. A candidate
gene survey of quantitative trait loci affecting chemical composition in
tomato fruit. Journal of Experimental Botany 59, 2875–2890.
Bertin N. 2005. Analysis of the tomato fruit growth response to
temperature and plant fruit load in relation to cell division, cell expansion
and DNA endoreduplication. Annals of Botany 95, 439–447.
Bertin N, Ge ´nard M, Fishman S. 2003. A model for an early stage of
tomato fruit development: cell multiplication and cessation of the cell
proliferative activity. Annals of Botany 92, 65–72.
Bertin N, Lecomte A, Brunel B, Fishman S, Ge ´nard M. 2007.
A model describing cell polyploidization in tissues of growing fruit as
related to cessation of cell proliferation. Journal of Experimental Botany
58, 1903–1913.
Bucheli P, Voirol E, De la Torre R, Lopez J, Rytz A, Tanksley S,
Pe ´tiard V. 1999. Deﬁnition of nonvolatile markers for ﬂavor of tomato
(Lycopersicon esculentum Mill.) as tools in selection and breeding.
Journal of Agricultural and Food Chemistry 47, 659–664.
Bussie `res P. 2002. Water import in the young tomato fruit limited by
pedicel resistance and calyx transpiration. Functional Plant Biology
29, 631–641.
Carrari F, Baxter C, Usadel B, et al. 2006. Integrated analysis of
metabolite and transcript levels reveals the metabolic shifts that
underlie tomato fruit development and highlight regulatory aspects of
metabolic network behavior. Plant Physiology 142, 1380–1396.
Causse M, Duffe P, Gomez MC, et al. 2004. A genetic map of
candidate genes and QTLs involved in tomato fruit size and
composition. Journal of Experimental Botany 55, 1671–1685.
Causse M, Saliba-Colombani V, Lecomte L, Duffe P, Rousselle P,
Buret M. 2002. QTL analysis of fruit quality in fresh market tomato:
a few chromosome regions control the variation of sensory and
instrumental traits. Journal of Experimental Botany 53, 2089–2098.
Chaib J, Lecomte L, Buret M, Causse M. 2006. Stability over
genetic backgrounds, generations and years of quantitative trait locus
(QTLs) for organoleptic quality in tomato. Theoretical and Applied
Genetics 112, 934–944.
Chen GP, Wilson ID, Kim SH, Grierson D. 2001. Inhibiting
expression of a tomato ripening-associated membrane protein
increases organic acids and reduces sugar levels of fruit. Planta
212, 799–807.
Dai ZW, Vivin P, Robert P, Milin S, Li SH, Ge ´nard M. 2009. Model-
based analysis of sugar accumulation in response to source–sink ratio
and water supply in grape (Vitis vinifera) berries. Functional Plant
Biology 36, 527–540.
Davies JN, Cocking EC. 1965. Changes in carbohydrates, proteins
and nucleic acids during cellular development in tomato fruit locule
tissue. Planta 67, 242–253.
Dibley SJ, Gear ML, Yang X, Rosche EG, Ofﬂer CE,
McCurdy DW, Patrick JW. 2005. Temporal and spatial expression of
hexose transporters in developing tomato (Lycopersicon esculentum)
fruit. Functional Plant Biology 32, 777–785.
Dinar H, Stevens MA. 1981. The relationship between starch and
accumulation of soluble solids content of tomato fruit. Journal of the
American Society for Horticultural Science 106, 415–418.
918 | Prudent et al.Fulton TM, Bucheli P, Voirol E, Lopez J, Petiard V, Tanksley SD.
2002. Quantitative trait loci (QTL) affecting sugars, organic acids and
other biochemical properties possibly contributing to ﬂavor, identiﬁed
in four advanced backcross populations of tomato. Euphytica
127, 163–177.
Ge ´nard M, Lescourret F, Gomez L, Habib R. 2003. Changes in
fruit sugar concentrations in response to assimilate supply,
metabolism and dilution: a modeling approach applied to peach fruit
(Prunus persica). Tree Physiology 23, 373–385.
Ge ´nard M, Souty M. 1996. Modeling the peach sugar contents in
relation to fruit growth. Journal of the American Society for Horticultural
Science 121, 1122–1131.
Gomez L, Rubio E, Auge M. 2002. A new procedure for extraction
and measurement of soluble sugars in ligneous plants. Journal of the
Science of Food and Agriculture 82, 360–369.
Gomez L, Bancel D, Rubio E, Vercambre G. 2007. The microplate
reader: an efﬁcient tool for the separate enzymatic analysis of sugars in
plant tissues—validation of a micro-method. Journal of the Science of
Food and Agriculture 87, 1893–1905.
Guichard S, Bertin N, Leonardi C, Gary C. 2001. Tomato fruit
quality in relation to water and carbon ﬂuxes. Agronomie 21, 385–392.
Guichard S, Gary C, Leonardi C, Bertin N. 2005. Analysis of growth
and water relations of tomato fruits in relation to air vapor pressure deﬁcit
and plant fruit load. Journal of Plant Growth Regulation 24, 201–213.
Ho LC. 1996a. Tomato. In: Zamski E, Scheffer AA, eds.
Photoassimilate distribution in plants and crops: source–sink
relationship. New York: Dekker, 709–728.
Ho LC. 1996b. The mechanism of assimilate partitioning and
carbohydrate compartmentation in fruit in relation to the quality and
yield of tomato. Journal of Experimental Botany 47, 1239–1243.
Ho L, Hewitt J. 1986. Fruit development. In: Atherton JG, Rudich J,
eds. The tomato crop. New York: Chapman and Hall, 201–239.
Kandel-Kﬁr M, Damari-Weissler H, German MA, Gidoni D,
Mett A, Belausov E, Petreikov M, Adir N, Granot D. 2006. Two
newly identiﬁed membrane-associated and plastidic tomato HXKs:
characteristics, predicted structure and intracellular localization. Planta
224, 1341–1352.
Kobayashi K, Salam MU. 2000. Comparing simulated and
measured values using mean squared deviation and its components.
Agronomy Journal 92, 345–352.
Liu HF, Ge ´nard M, Guichard S, Bertin N. 2007. Model-assisted
analysis of tomato fruit growth in relation to carbon and water ﬂuxes.
Journal of Experimental Botany 58, 3567–3580.
Mueller LA, Lankhorst RK, Tanksley SD, et al. 2009. A snapshot of
the emerging tomato genome sequence. The Plant Genome 2, 78–92.
Mueller LA, Solow TH, Taylor N, et al. 2005. The SOL Genomics
Network. A comparative resource for Solanaceae biology and beyond.
Plant Physiology 138, 1310–1317.
Prudent M, Bertin N, Ge ´nard M, Mun ˜os S, Rolland F, Garcia V,
Petit J, Baldet P, Rothan C, Causse M. 2010. Genotype-
dependent response to carbon availability in growing tomato fruit.
Plant, Cell and Environment 33, 1186–1204.
Prudent M, Causse M, Ge ´nard M, Tripodi P, Grandillo S,
Bertin N. 2009. Genetic and physiological analysis of tomato
fruit weight and composition: inﬂuence of carbon availability
on QTL detection. Journal of Experimental Botany 60, 923–937.
Quarrie SA, Pekic Quarrie S, Radosevic R, Rancic D,
Kaminska A, Barnes J, Leverington M, Ceoloni C, Dodig D.
2006. Dissecting a wheat QTL for yield present in a range of
environments: from the QTL to candidate genes. Journal of
Experimental Botany 57, 2627–2637.
Quilot B, Ge ´nard M, Kervella J, Lescourret F. 2004. Analysis of
genotypic variation in fruit ﬂesh total sugar content via an
ecophysiological model applied to peach. Theoretical and Applied
Genetics 109, 440–449.
Quilot B, Kervella J, Ge ´nard M, Lescourret F. 2005. Analysing the
genetic control of peach fruit quality through an ecophysiological
model combined with a QTL approach. Journal of Experimental
Botany 56, 3083–3092.
Reymond M, Muller B, Leonardi A, Charcosset A, Tardieu F.
2003. Combining quantitative trait loci analysis and an
ecophysiological model to analyze the genetic variability of the
responses of maize leaf growth to temperature and water deﬁcit. Plant
Physiology 131, 664–675.
Robinson NL, Hewitt JD, Bennett AB. 1988. Sink metabolism in
tomato fruit: I. Developmental changes in carbohydrate metabolizing
enzymes. Plant Physiology 87, 727–730.
Saliba-Colombani V, Causse M, Langlois D, Philouze J,
Buret M. 2001. Genetic analysis of organoleptic quality in fresh
market tomato. 1. Mapping QTLs for physical and chemical traits.
Theoretical and Applied Genetics 102, 259–272.
Schaffer AA, Petreikov M. 1997. Sucrose-to-starch metabolism in
tomato fruit undergoing transient starch accumulation. Plant
Physiology 113, 739–746.
Sprinthall RC. 2002. Basic statistical analysis.. Upper Saddle River,
NJ: Pearson Education Group.
Stevens MA, Kader AA, Albright-Holton M, Algazi M. 1977.
Genotypic variation for ﬂavor and composition in fresh market
tomatoes. Journal of the American Society for Horticultural Science
102, 680–689.
Tanksley SD. 2004. The genetic, developmental, and molecular
bases of fruit size and shape variation in tomato. The Plant Cell
16, S181–S189.
Yin X, Chasalow SD, Stam P, Kropff MJ, Dourleijn CJ, Bos I,
Bindraban PS. 2002. Use of component analysis in QTL mapping of
complex crop traits: a case study on yield in barley. Plant Breeding
121, 314–319.
Yin XY, Kropff MJ, Stam P. 1999. The role of ecophysiological
models in QTL analysis: the example of speciﬁc leaf area in barley.
Heredity 82, 415–421.
Processes leading to sugar accumulation in tomato fruit | 919